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Abstract

Background: Healthy nutrition and good quality sleep are one of the most important factors for growth and
development in a child. Digital game addiction may cause some problematic behaviots and affect children's nut-
rition and sleep. We aimed to investigate the relationship between digital game addiction, eating behavior, and
sleep disorders in children.

Methods: The study was conducted with 252 mothers with children between the ages of 4-7 years, selected by
convenient sampling methods. The Digital Game Addiction Scale, Children's Eating Behavior Questionnaire and
The Sleep Disturbance Scale for Children (SDSC) were used to collect data. The correlation coefficient and the
decision tree CHAID algorithm were used in the data analysis.

Results: Digital game addiction negatively affects children's eating behavior and sleep patterns. It was found that
there was a mostly positive but weakly significant relationship between digital game addiction and children's eating
behaviors (P<.01; P<.05) and a highly significant relationship was found between the sleep disorder scale sleep
hyperhidrosis sub-dimension (P<.05). While digital game addiction is affected by gender, the mothet's education
level, and eating behavior are affected by the mothet's age, the patent's education level, and the child's gender
(P<.05). The child's age is the variable that affects the children's sleep disorder (P<.05).

Conclusion: Intervention programs for children and families can be created for the causes of digital game ad-
diction, its effects on child development and the correct use of the digital world.
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Introduction

Early childhood is a critical period in which the
interaction of the child with the social environ-
ment is high, and the development is rapid, and it
forms the basis for the following years. Children
who gain knowledge and experience from their en-
vironment are increasingly exposed to digital tools

in their living spaces. The fact that children have
easy access to digital devices such as mobile pho-
nes, tablets, computers, and the internet increases
the frequency of playing digital games with these
tools (1). These games have various positive or ne-
gative effects on the development of children.

Copyright © 2024 Ural et al. Published by Tehran University of Medical Sciences.
This work is licensed under a Creative Commons Attribution-NonCommercial 4.0 International license.
(https://creativecommons.org/licenses/by-nc/4.0/). Non-commercial uses of the work are permitted, provided the original work is properly cited

Available at:  http://ijph.tums.ac.ir




Ural et al.: Eating Behavior, Sleep Disorders and Digital Game Addiction ...

While the positive effects of digital technology use
are mostly seen in academic and cognitive areas,
the negative effects are mostly seen in physical,
psychological, and social areas (2). Games played
on the digital platform provide children with rich
visuals. In recent years, it has revealed excessive
and uncontrolled play in children. The Diagnostic
and Statistical Manual of Mental Disorders-5
(DSM-5) addressed this situation as digital game
addiction (3).

Digital game addiction is defined as excessive and
uncontrolled use that causes social and emotional
problems and disrupts daily lives (4). The negative
effects of uncontrolled digital gaming include agg-
ression, trouble controlling the playing time, ad-
dictive and problematic behaviors, lack of com-
munication, attention problems, sleep disorders,
and obesity (5-7). Preschoolers with increased use
of digital technology tend to be less physically ac-
tive than expected, increasing their risk of obesity
and musculoskeletal problems (6,8).

Eating behavior, which includes biological, psyc-
hological, and social effects, is developed towards
the end of the preschool period, shaping children's
lives in the first years, and is fixed after this period.
This period is important for children to gain he-
althy eating habits that affect their future lives. An
unhealthy diet can cause nutritional deficiencies or
obesity, health, and sleep problems (9).

Good quality sleep is one of the most important
factors for growth and development as well as
proper nutrition in childhood. Sleep is also asso-
ciated with learning, memory and behaviors (10).
Inadequate and poor-quality sleep causes decrea-
sed concentration, disorders of memory, and lear-
ning difficulties. For these reasons, sleep patterns,
sleep quality, and sleep disorders in children are
among the subjects that are frequently researched.
The use of digital tools affects the quality and qu-
antity of sleep and disrupts the circadian sleep
thythm (10,11).

Children who communicate and interact with ot-
her people by using digital games turn into digital
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addiction and may affect their nutrition and sleep
patterns (6,12). Although the relationship between
digital gaming load, and eating load and sleep
problems has been investigated separately after
different ages (13-10), extensive literature research
has revealed the lack of these issues in the younger
age group in Turkey.

The aim of this study was to evaluate the relations-
hip between eating behaviors and sleep disorders
and digital game addiction, two developmentally
important factors in early childhood. In addition,
it is known that young children learn new skills by
imitating their parents' digital tool use, eating and
sleeping behaviors (1), and parental characteristics
are thought to be critical factors in regulating these
children's safe digital tool use. The second aim of
our research was to determine whether the child's
digital game addiction, eating, and sleeping beha-
viors are affected by family-related variables in our
study.

Materials and Methods

The study was conducted using a scanning and re-
lational research model in Istanbul, Turkey. The
study group of the research consists of 252 mot-
hers who had a child between the ages of 4 years
and 7 years of age that parents provided data for
their child. Mothers were selected through conve-
nient sampling. We sent participants an online link
to the survey and assured them that the data col-
lected would be kept strictly confidential. Data
collection tools prepared by the researchers were
sent to the participants' e-mails or phones between
June and July 2022. All participants were informed
about the research. Socio- demographic characte-
ristics of participants are given in Table 1.

Ethics approval

This study has the ethical approval of the Scientific
Research Ethical Committee, in Turkey (approval
no. 22/331).
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Table 1: Socio-demographic characteristics of participants

Characteristics n % Characteristics n %
Gender Education status of mothers
Female 110 43.7 Elementary 30 11.9
Male 142 56.3 High School 66 26.2
Total 252 100.0 University 123 48.8
Postgraduate 33 13.1
Total 252 100.0
Child age (year) Fathers age (year)
4 28 11.1 20-30 8 432
5 83 32.9 31-40 147 58.3
6 131 52.0 41-50 88 349
7 10 4.0 51 and above 9 3.6
Total 252 100.0 Total 252 100.0
Mothers age (year) Education status of fathers
20-30 46 18.3 Elementary 38 15.1
31-40 160 63.5 High School 72 28.6
41-50 46 18.3 University 110 437
Total 252 100.0 Postgraduate 32 12.7
Total 252 100.0

The Digital Game Addiction Scale (DOBE):
DOBE consists of 20 items developed by Budak
and Isitkoglu in 2022 to determine the game addic-
tion level of children. The scale consists of 4 sub-
factors and a five-point Likert type, as Detached
from Life (7 items), Conflict (5 items), Continuous
Play (5 items) and Reflecting on Life (3 items). The
lowest score taken from the scale is "20" and the
highest score is "100". The rating ranges of the
scale scores are as follows; "20-35: addiction ten-
dency is the lowest 36-51: addiction tendency is
low 52-67: addiction tendency is moderate; 68-83:
addiction tendency is high and 84-100: addiction
tendency is very high (17).

Children's Eating Behaviour Questionnatre
(CEBQ): The CEBQ was developed by Jane
Wardle et al. to evaluate children's eating behavi-
ors. The Turkish validity and reliability study was
conducted by Yilmaz et al. (2011) Children's Ea-
ting Behaviour Questionnaire evaluated in 8 sub-
dimensions with the questionnaire based on pa-
rental reporting. Food responsiveness (FR), En-
joyment of food (EF), Emotional over-eating
(EOE), Desire to drink (DD), Satiety responsive-
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ness (SR), Slowness in eating (SE), Emotional un-
der-eating (EUE), Food fussiness (FF) are the sub-
dimensions of the scale. 5-point Likert scoring is
used in CEBQ.This scale has high reliability and
validity. The a coefficient of the scale is 0.61-0.84
(18).

The Sleep Disturbance Scale for Children
(SDSC): The SDSC, administered by Bruni, was
evaluated for Turkish validity and reliability by
Agadayt et al. in 2020.1n the scale, the child's sleep
disorders are questioned in 26 items and 6 sub-di-
mensions. Disorders of initiating and maintaining
sleep, sleep breathing disorders, disorders of aro-
usal, sleep-wake transition disorders, disorders of
excessive somnolence, sleep hyperhidrosis are the
sub-dimensions of the scale. High scores are in-
terpreted in favor of sleep disturbance. It is accep-
ted that those with a score > 70 show sleep disor-
der symptoms. The internal consistency of the
scale was high (Cronbach « = 0.84) (19). The re-
sults of the cronbach alpha analysis of the data ob-
tained from this study; 89 for the SDSC total score
and .96 for the DGATS total score. The CEBQ
sub-dimensions range from .71 to .88.
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Statistical Analysis

Before starting analyses, all the variables were
checked in terms of lost data, and assumption of
normality. Kolmogorov-Smirnov test, skewness,
kurtosis, histograms and Q-Q plots normality
analyzes were performed to determine whether
the data were normally distributed. Data analysis
was analyzed in two parts. First, correlations
between variables were performed. The distribu-
tion of variables was not normal, so to compare
between groups, the Spearman Brown Correlation
test was performed. Second, data were evaluated
using numbers, percentages, means, and chi-squ-
are automated interaction detector (CHAID)
analysis. Statistical analysis of all the study data was

performed using IBM SPSS 22.0 IBM Corp., Ar-
monk, NY, USA).

Results

Correlation among variables

It is seen that there are positive but weakly signifi-
cant relationships between DOBE and CEBQ
sub-dimensions. The correlation between digital
game addiction and the eating behaviors of presc-
hool children is presented in Table 2.

Table 2 shows that there are mostly significant but
weak correlations between DOBE and CEBQ
sub-dimensions.

Table 2: Correlation among DOBE and CEBQ scale scores

CEBQ

Food Res-  Emotio-  Enjoy-  Desire  Satiety  Slowne Emotio- Food

DOBE ponsiveness nal ment of to Respon-  ssin nal Un-  Fussi-
Over- Food Drink  siveness Eating  der-Ea- ness

Eating ting

Detached r 098 2027 -.124 2127 376" 297 307 -.124
From Life p 121 .001 .050 .001 .000 .000 .000 .050
Conflict r 142 189 -.072 308 354 196" 2527 -.097
P 024 .003 253 .000 .000 .002 .000 125

Continuous  r 037 152¢ -.156" 298 320" 259 .155* -.205"
Play P 563 016 013 .000 .000 .000 014 .001
Reflect to r 082 1317 -.041 249 303 270 279 -.088
the Life P 194 038 513 .000 .000 .000 .000 165

Total r 104 190 -115 299 395" 287 293" -.145"
P .100 .002 068 .000 .000 .000 .000 021

*k P<.01, *P<.05

Table 3 shows that there was a significant correla-
tion between DOBE and SDSC. There is a highly
significant correlation between SHY and DOBE
Detached from Life (r=.873, P=.000), DOBE
Conflict (r=.776, P=.000), DOBE Continuous
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Play (r=.823, P=.000), DOBE Reflect to the
Life(r=.638, P=.000), DOBE and SHY (+=.898,
P=.000). There are significant but weak correlati-
ons between other sub-dimensions.
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Table 3: Correlation among DOBE and SDSC Scale Scores

DOBE SDSC
DIMS SBD DA SWID DOES SHY TOTAL

Detached From t 365" 259 249 311 303" 873 416"
Life P .000 .000 .000 .000 .000 .000 .000
Conflict r 397 .230™ 217 309 269 776™ A1

P .000 .000 .001 .000 .000 .000 .000
Continuous Play 343 1317 149" 191 2347 823 307

P .000 .038 .018 .002 .000 .000 .000
Reflect to the t 300 .265™ 282" 332 2227638 405"
Life P .000 .000 .000 .000 .000 .000 .000
Total r 394 .256™ 257 331 298" .898™ 438

P .000 .000 .000 .000 .000 .000 .000
** P<.01, *P<.05

Chaid analysis of demographic information and
scales

As a result of CHAID analysis, the maximum tree
depth is 3, the minimum value at the top node is
40, and the minimum value at the bottom node is

DOBE_Conflict

Node O
12,699

hean
Std. Dewv. 5,851
n 252

% 100,0
Predicted 12,6949

!IIIllll.

Gender
Adj. P-value=0,021, F=5,428,
df1=1, df2=250

Mean
Std. Dev.
n

%

DOBE_Continous_Play

Node O

Predicted 11,603

[T

hfother_Education
Adj. P-value=0,019, F=9,218,
df1=1, df2=250

20. In the sub-dimensions, DOBE Conflict, Con-
tinuous Play, and Reflect to the Life, a tree struc-
ture consisting of two levels and 3 nodes has emer-
ged. It is given in Figs. 1, 2 and 3.

DOBE_Reflect_to_the_Life

Node O
Mean 76321
Std. Dev. 3.558

11,603
5,605
252
1000

n 252
% 1000

Predicted 7.631

!IIIII-I-I

Gender
P-value=0,007, F=7 434,
df1=1, df2=250

Adj.

Male Female Postgraduate; University High school; Elementarny Male Female

Node 1 Node 2 Node 1 Node 2 Node 1 Node 2
hean 13,9499 hean 11,727 Mean 10,776 Mean 12,948 Mean 8,162 Mean 5,945
Std. Dewv. 5,956 Std. Dewv. 5,593 Std. Dev. 5,210 Std. Dev. 5,981 Std. Dewv. 3678 Std. Dev. 3.287
n 142 n 110 n 156 n =l n 142 n 110

56,3 619 38.1 56,3

Predlcted 13,944 Pvedleted 11 727 Predlcted 10,776 Predlcled 12,9498 Predmted 8,162 Predlcted 6.945
! llll Ool !Illllll_- ! lllll__- ! Illllll !-.lllll_. !l-l-l_-__

Fig. 1: The CHAID decision tree
structure of variables affecting
children's DOBE Conflict scotes

As seen in Fig. 1, there is a significant difference
in children's Conflict scores according to their
gender (F=5.428; P=0.021). Boys (56.3%) have a
predicted score of 13.444 and girls (43.7%) have a
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Fig. 2: The CHAID decision tree
structure of variables affecting
children's DOBE Continuous

Play scores

Fig. 3: The CHAID decision tree
structure of variables affecting
children's DOBE Reflect to the
Life scores

predicted score of 11,727, boys having a signifi-
cantly higher Conflict score than girls.

The most important variable affecting the DOBE
Continuous Play score of children is the education
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level of the mothers. Children's Continuous Plays-
cores differ significantly according to the educa-
tion level of their mothers (F=9.218; P=0.019).
The Continuous Play predicted score of children
whose mothers are elementary-high school
(38.1%) 1s 12,948, and the predicted score of child-
ren whose mothers are university-postgraduate
(61.9%) is 10,776 (Fig. 2)

In Fig. 3, the most important variable affecting
children's DOBE Reflect to the Life score is their
gender, and children's Reflect the Life scores dif-
fer significantly according to their gender
(F=7.434; P=0.007). The predicted score for boys
(56.3%) is 8.162 and for girls (43.7%) the predic-
ted score is 6.945. Boys have a significantly higher
Reflect to the Life score than gitls.

CEBQ_Emotional_Owvereating

Node O

Mean 5.4980 Mean
Std. Dev. 2,618 Std. Dev.
n 252 n

% 1000 %
Predicted 5.4980 Predicted

Age
Adj. P-value=0,005, F=11,394,
df1=1, df2=250

CEBQ_Desire_to_Drink

Node O
7.54949
3.9410

252
1000

7.54944

!.Ill.l--

Mother_Age
Adj. P-value=0,004, F=10,659,
df1=1, df2=250

The Emotional Over-Eating, Desire to Drink, and
Emotional Under-Eating sub-dimensions each
had two levels and three nodes; the Slow Eating
sub-dimension had four levels and nine nodes as a
result of the CHAID analysis (Fig. 4-7).

As seen in Fig. 4, the most important variable af-
fecting children's CEBQ Emotional Over-Eating
score is the age of children, and children's emoti-
onal overeating differs significantly according to
their age (F=11.394; P=0.006). CHAID analysis
divided children into two clusters, 4-6 years old
and 5-7 years old. The desire to Drink predicted
score is 6.063 for children aged 4-6 (63.1%) and
the predicted score for children aged 5-7 (36.9%)
is 7.194.

CEBQ_Emotional_Undereating

Node O
11,230
3.721

hMean
Std. Dev.

n 252
% 1000

Predicted 11,230

Llllllll-_

Age
Adj. P-value=0,000, F=20,918,
df1=1, df2=250

5.000; 4,000 5,000; 7,000

31-40; 41-50

6,000; 7,000 4,000; 5,000

20-20

Node 1 Node 2 Node 1

Mean 5,063 hean 7.1894 Mean 7.218
Std. Dev. 2,329 Std. Dev. 2,928 Std. Dev. 3.230
n 159 n 93 n 206

% 53,1 % 36.9 % 21,7
Predicted 5.063 Predicted 7.1949 Predicted 7.218

hl....

!lllll----

Fig. 4: The CHAID decision tree
structure of variables affecting
children's CEBQ Emotional

Opver-Eating scores

The most important variable affecting the CEBQ
Desire to Drink sub-dimension score of children
is the age of the mother, and the Desire to Drink
sub-dimension score of children differs signifi-
cantly according to the age of their mothers
(F=10.659; P=0.004). The predicted score of
children whose mothers are between 31-50 years
of age (61.7%) predicted score is 7.218 and for
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n
%

Mean
Std. Dew.

Predicted

T AT

Fig. 5: The CHAID decision
tree structure of variables affec-
ting children's CEBQ Desire to

Drink scores

Node 1
Mean 10,312 Mean
Std. Dev. 3.49499 Std. Dev.
n 141 n

Node 2
12,396
3771
111
% 56.0 % 44,0
Predicted 12,396

Ll-llllll-

Fig. 6: The CHAID decision
tree structure of variables affec-
ting children's CEBQ Emotio-

nal Under-Eating scores

Node 2
9,000
3.830

a6

18,3
9,000

Predicted 10,312

i n .

those whose mothers are between 20-30 years of
age (18.3%) predicted score is 9.00 (Fig. 5).

Fig. 6 shows that the most important variable af-
fecting children's CEBQ Emotional Under-Eating
score is the age of the children, and it differs sig-
nificantly according to the children's Emotional
Under-Eating age (F=20.918; P=0.000). CHAID
analysis divided children into two clusters, 4-5 ye-
ars old and 6-7 years old. Emotional Under-Eating
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predicted score is 12.396 for 4-5-year-old children
(44%) and 10.312 for 6-7-year-old children (56%).

CEBQ_Slowness_in_Eating

FPredicted

10,548

allal s

hother_Age

Adj. P-value=0,005, F=9,940,

df1=1, df2=250

Node 1
Mean 10,898
Std. Dev. 3,883
n 206

% 817
Predicted 10898

Mother_Education
Adj. P-value=0,024, F=2,790,

df1=1, df2=204

Node 2
Mean 2,978
Std. Dev. 2,963
n 45

% 18,3

Predicted 8978

.

Father_Education
Adj. P-value=0,047, F=2,088,
df1=1, df2=44

Postgraduate; High school University; Elementary Postgraduate; High school; University
Elementary
Node 3 Node 4 Node 5 Node 6
Mean 9,868 Mean 11,500 Mean 10,238 Mean 7.920
Std. Dev. 3477 Std. Dev. 3,993 Std. Dev. 3,145 Std. Dev. 2,379
n 76 n 130 n 21 n 25
% 302 % 516 % , % 29
Predicted 9268 Predicted 11,500 Predicted 10,238 Predicted 7,920
| =
Gender
Adj. P-value=0,043, F=4,256,
df1=1, df2=74

hale

Female

alill. .

Node 7 Node 8
Mean 9,163 Mean 10,788
Std. Dev. 3,295 Std. Dev. 3,542
n 43 n 33
% 17.1 % 13.1
Predicted 9,163 FPredicted 10,788

LI.I-I--I

Fig. 7: The CHAID decision tree structure of variables affecting children's CEBQ

In accordance with the age of their mothers, the
children's Slowness in Fating scores differs signi-
ficantly (F=9.940; P=0.005), as shown in Fig. 7.
The average score of the children whose mothers

Slowness in Eating scores

predicted score is 8.978 for the children whose
mothers are over the age of 41 (18.3%). The most
important variable affecting the Slowness in Ea-
ting score of children whose maternal age is

are in the range of 20-40 (81.7%) is 10.898, and the
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between 20-40 is the education level of the mot-
hers. The predicted score of the children whose
mothers are at elementary and university level
(51.6%) is predicted score 11.500 and the predic-
ted score of children whose mothers are in high
school and postgraduate (30.2%) is 9.868. The
most important variable affecting the Slowness in
Eating average score of children whose mothers
are high school-postgraduate level education is the
gender of the children. Boys (17.1%) predicted
score is 9.163, and girls (13.1%) is 10.788. The
most important variable affecting the Slowness in

SDSC_DIMS

Node O
Mean 12,0249
Std. Dev. 4,000
n 252
% 1000
Predicted 12,024

!Ill--____

Age
Adj. P-value=0,041, F=7.705,

df1=1, df2=250

6.000; 7,000 4,000; 5,000
Node 1 Node 2
Mean 11.9411 Mean 12,802
Std. Dev. 3,698 Std. Dev. 4,249

n 1491 n 111
% 56,0 % 440

Predicted 11,411

M.

Fig. 8: The CHAID decision tree
structure of variables affecting child-
ren's SDSC_DIMS scores

Predicted 123802

The most important variable affecting children's
DIMS and SWTD scores is their age. DIMS and
SWTD scores of children differ significantly ac-
cording to their ages (F=7.705, P=0.041; F=9.018;
P=0.021). Both of the subtitles CHAID analysis
divided children into two clusters, 4-5 years old
and 6-7 years old. The DIMS predicted score of

Available at:  http://ijph.tums.ac.ir

Eating score of children whose fathet's age is
between 41-50 is the education level of the fathers.
The predicted score of children whose fathers are
at elementary, high school, and postgraduate levels
(8.3%) is 10.238, and the predicted score of child-
ren whose fathers are bachelot's degrees (9.9%) is
7.920.

In the CHAID analysis carried out to determine
the factors affecting the DIMS and STWD sub-
dimension score of SDSC, the decision tree struc-
ture is given in Fig. 8 and 9.

SDSC_SWTD

Node O
Mean 9,397
Std. Dewv. 3.432
n 252
% 1000
Predicted 9,397

!II-__ _

Age
Adj. P-value=0,021, F=9,018,
df1=1, df2=250

hl.... | L.

Fig. 9: The CHAID decision tree structure of vari-
ables affecting children's SDSC_SWTD scotes

6,000; 7,000 4,000; 5,000
Node 1 Node 2
Mean 8,830 Mean 10,117
Std. Dev. 3,387 Std. Dewv. 3.368

n 141 n 111
% 56.0 % 44,0

Predicted 28,830 Predicted 10,117

!ll.-_ _

children aged 4-5 (44%) is 12.802 and the predic-
ted score of children aged 6-7 (56%) is 11.411. The
SWTD predicted score of 4-5-year-olds (44%) is
10.117 and the predicted score of 6-7 year-olds
(56%) is 8.830 (Fig. 8 and 9).
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Discussion

In this study, the relationship between digital game
addiction with eating behaviors and sleep disor-
ders in preschool children was examined.

There was a weak positive correlation between di-
gital game addiction and eating behavior. Previous
studies have found that excessive time spent on
digital games is associated with physical inactivity,
obesity, and sleep problems (6,20). Spending too
much time using media or watching television may
cause high-energy unhealthy diets in children (21).
Similarly, exposure of children to media-contai-
ning food advertisements was associated with
lower diet quality (22). It was documented that
children have fast eating habits in order to watch
television or play computer games (23).

In our study, it was seen that there are significant
positive relationships between children's digital
game addiction and sleep disorders. Sleep hyper-
hidrosis during sleep was found to be highly cor-
related with all sub-dimensions of digital game ad-
diction. Sleep problems such as difficulty falling
asleep, disorders of initiating and maintaining
sleep, and arousal disorders are very common
problems in children (24,25). Approximately half
of the children had sleep problems (25). In anot-
her study, it was determined that 50% of young
children with digital screen exposure had poor
sleep habits (26). In a study of children up to 5
years old in the USA, it was found that those who
spent more time watching TV and playing with di-
gital tools slept fewer hours than their peers (27).
A positive strong relationship has been shown
between spent time watching TV and sleep distur-
bance in Chinese young children (24). Our study
findings are consistent with previous studies.

As a result of the CHAID analysis, boys are more
affected by the sub-dimensions of digital game ad-
diction, conflict, and reflection on life than girls.
Similarly, it has been stated that boys have more
game-playing behavior than gitls (28). Other rese-
archers found that boys spend more time playing
games than girls and are pathologically addicted to
gaming. Daily gaming frequency or daily play time
indicates an increase in digital game addiction in
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children (29). In addition, in our study, as the edu-
cation level of the mothers decreases, the time for
children to play on the computer increases. Lauri-
cella, Parental attitudes highly affect the duration
of children's use of digital devices. There was a
high level of correlation between the duration of
parents' use of digital devices and their children's
(1). On the other hand, Livingstone et al (30), po-
inted out a significant relationship between paren-
tal attitudes and beliefs and how much time child-
ren spend on digital media. They found that fami-
lies with higher education levels have a higher
awareness about digital use (30). Another study,
showed that age and mother's digital gameplay
were effective on children's digital game addiction
levels (30). In this study, it was found that the gen-
der and age of the child and the educational status
of the parents affect the eating behaviors. In a re-
lated study, while the education level of the mot-
her was significant, the education level of the fat-
her and the parents' ages were not (31). Children's
eating behavior in early childhood can be affected
by gender, family, disease status, environmental
factors, and psychosocial factors (9).

Many factors affect children's sleep habits and ca-
use sleep problems in children. A study stated that
the children of mothers who graduated from high
school had the most sleep problems, while child-
ren of mothers who graduated from university or
above had the least sleep problems (25). In our
study, we found that the most important factor af-
fecting sleep was the age of the child. We could
not detect a significant difference in the other ma-
ternal and paternal variables. It can be said that the
diversity in the factors affecting all results is due to
the difference in the study group.

Conclusion

As a result, digital game addiction could negatively
affect young children's eating behavior and sleep
disorders. While gender and the mothet's educa-
tion level affect digital game addiction, it was fo-
und that eating behavior is affected by the mot-
het's age and education level, the father's educa-
tion level, and the child's gender. The age of the
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child is the variable that affects sleep disorders.
Considering all the points, families should not for-
get their responsibilities so that children can be
conscious digital tool users and protect them from
negative effects. In addition, it is important to eva-
luate the effect of digital addiction, which has been
increasing in recent years, on children's sleep and
eating behaviors in healthy child follow-ups, iden-
tify problems at an early stage and provide coun-
seling to families.
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